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Abstract

Recently,the severity of the COVID-19 outbreak situation at the beginning of this year,which

resulted in the lockdown of work from home policies and the need for restaurants to stop

serving in-store dining services, all of which play an important role in the food delivery

business. The pandemic accelerates the growth of food delivery services which have become

new significant and convenient services that help consumers get delicious food from local

and popular restaurants by easily ordering via applications. There are five main players in the

food delivery service industry in Thailand, attracting consumers by continuously launching

coupons since its opening. Thus, this study would like to study the price sensitivity of food

applications and the impact of coupons on purchase decision behavior. Focus on exploring

the characteristics of consumers, which is waiting for coupon behavior. The authors also

would like to identify the types of food that are sensitive to waiting-for-coupon behavior. By

applying probit estimation to 342 observations of online food ordering consumers obtained

from the online survey, this conceptual paper found that demographic factors like gender,age

and student, private company employee,government officer and business owner, ordering

behavior factors like ordering frequency ,spending amount and flash deal frequency,food

category and promotional tools factors like small minimum spend and user-interface provided

from the application are potential factors influencing the consumer's deciding to wait for

coupon. Lastly, this study drew guidance to the online food delivery platforms on how they

could make strategic moves in response to the implication of consumers’ price sensitivity.



1. Introduction

Naturally, consumer behavior has always been bound to change over time along with

the price for consumer goods and services. The way consumers purchase products is

remarkably different from how it was in the past couple years due to the rapid growth of the

E-commerce industry and the sharply increasing number of consumers who use these

platforms (Häubl and Trifts, 2000). Lately, it has become more apparent for the behavior of

consumers in the E-commerce market for food delivery, which has undergone tremendous

changes, especially in terms of purchasing decisions on online food ordering-delivery

platforms. Nowadays, consumer decisions are made via food delivery platforms that

represent a part of digital culture.

Generally, during the decision evaluation process, consumers tend to be influenced by

environmental factors while also determining alternatives from several economic and

psychological factors. Sales promotion tools - including price discount, coupons, buy one get

one etc. - are considered as one  of the potential psychological strategic moves in the

E-commerce industry including food delivery business, applied to promote sales and trigger

purchase (Chandra,Mazumdar and Suman, 2018). Together with, Friedman (1967) mentioned

that it was possible for consumers’s ability to evaluate the available choices and make

rational purchase decisions. Moreover, in his perspective, consumers could find accurate

price information on goods and services but the method might be cumbersome. In addition,

the vast majority of consumers are always seeking a discount and wait until the last minute

for the best deal (Kapner, 2015).

Furthermore, food delivery applications have become more significant for restaurant

owners together with their customers as more people order takeout during the coronavirus

pandemic. Leading to the boom in the food delivery industry, resulted from lock down policy

and the need for restaurants to stop serving in-stores dining services. The pandemic is a

catalyst for the technology industry as people’s behavior towards the trend of online shopping

and online food delivery service, (Nielsen Global Tech Transformed Consumption Survey,

2019). To be more specific for online food delivery applications, the number of users has

increased more than three times active users than usual and more than five times for

acquiring new restaurants on the application (LINE Thailand, March 2020).



Considering the early stage of food delivery services, it had been given out enormous

promotion coupons for consumer acquisition. With this transformation, consumers are used to

ordering food via application due to cost saving such as transportation cost , time-saving and

very low food price from huge discount coupons. According to Wang, Fan, and Liu (2016),

customers who perceive better terms, offered by a specific food retailer, are more likely to

become long-term customers, ultimately leading to a stronger, more profitable client base.

However, recently these applications launch less coupons than before because of the

covid-19. People have less alternatives since the lockdown policy. These price changes affect

consumers’ responses as promotion coupons play a role as a temporary price reduction. In

addition, consumers are more sensitive to a discounted price promotion than a regular price

reduction.

In this paper focus on three questions about consumer’s price sensitivity toward food

delivery service application. First, Do the promotion coupons result in a change in consumer

behavior? Following, Does the design of food applications play a significant role on

consumers' price sensitivity? By exploring the characteristic which is online food ordering

behavior and user-interface preference respectively. Lastly, which food categories do the

consumers tend to wait for the promotion coupon? Or which target customers are sensitive to

promotion coupons?

2. Literature review

According to a 2020 report released by global marketing research firm NielsenIQ, the

number of Thai households shopping online has dramatically risen by 58% during the

Covid-19 pandemic, accelerating the region’s transition to e-commerce (NielsenIQ research

firm, 2020). The food app market has recently become a battleground for many contemporary

start-up food delivery service app companies that seek growth opportunities through research

and development of unique business models (All tech asia, 2017).

There are three streams of literature which connect to this paper which consists of

a. effect of coupons on consumers’ price sensitivity ,

b.food types that is sensitive to sales promotion

c.food delivery application design attributes and the effect upon user-perceived value



The first relevant stream of research is the effect of coupons on consumers’ price

sensitivity. According to Heilman et al. (2002), coupons act as stimulants that improve the

mood of customers and induce them to increase their spending. Another study (Jia et al.,

2018; Venkatesan & Farris, 2012), has found that the effect of price-based promotion has a

positive impact on customer spending and basket size. It is also believed that coupons can

have a positive impact on customer spending during a shopping trip by increasing the

perceived net shopping income at a retailer. That may encourage customers to shift their

purchases from other retailers to that particular shopping spree, for that specific shopping

trip.(Venkatesan & Farris, 2012)

The second relevant stream of research is food types that are sensitive to sales

promotion.The sales phenomenon has become more critical for retailers and consumers due

to the frequency of periodic sales increasing (Martin P., 2002). The studies have proven that

with some kinds of product, consumers are more psychologically attached, whereas for some

kinds of product, consumers behave rationally (Luong and Slegh, 2014). There is a positive

impact of sales promotion on sales volumes, but the impact of sales promotion cannot be the

same for different categories of product (Bogomolova et al., 2017; Banerjee, 2009a, 2009b;

Fearne et al., 1999). According to the nature of the product, a suitable promotional strategy is

required.

The third relevant stream of research is food delivery application design attributes and

the effect upon user-perceived value. The study of relevant quality attributes of mobile

applications have been done in the past and were given quite similar results depending on the

scope of the study. Yang et al. (2004) studied how online service quality is measured by

setting forth a reliable and valid means. In this study, a validatory factor analysis was

categorized into six groups: reliability, responsiveness, competence, ease of use, security, and

product portfolio. Another study by Handel (2011), he identified five essential application

quality attributes consisting of ease of use, reliability, information quality, information scope

and aesthetics based upon users rating of well-being mobile apps. Many studies emphasize on

design quality as one of  the main factors affecting users’ perceived value, e.g. Kim and

Hwang (2012) stated that users’ mobile Internet service quality perceptions have a strong

positive relationship with the hedonic tendency. By way of explanation, the higher level of

hedonistic trend a mobile user has, the more likely he or she is to uncover higher recognitions

of the design quality, connection quality, and information quality of mobile Internet service.



3. Theoretical Framework

Three theories are supporting hypotheses in this research. The first theory is that

Intertemporal Choice theory is applied to describe waiting-for-coupon behavior on how an

individual’s current decision affects what options become available in the future. Secondly,

4Ps marketing Mix theory used in order to analyze the whole effect of coupons on

consumers’ price sensitivity. The third is Price Elasticity, adopted for explaining the food

types that are sensitive to sales promotion.

3.1 Intertemporal Choice

Intertemporal choice is the process by which people decide what to do and how much

to do at different times when the decisions people make at a certain time will affect the

choices available at other times. Consumer habits, short-term events that may affect future

financial opportunities. This choice is influenced by the relative value of the individual's

allocation of two or more payments at different times. For most options, decision makers

must deal with costs and benefits at other times. (​Liberto, D., 2020)

Applied to this study, this theory describes how an individual's current decisions affect what

options become available in the future. The consumers are required to the trade-off between

the current consumption with a higher cost but receive the goods right away and the future

consumption with less cost from discounts and promotions but need to wait longer for the

products.

Figure 1: Intertemporal Choice of Consumption



3.2 4Ps Marketing Mix theory

Most of the time, 4Ps Marketing Mix shown in Figure 2 is used as a strategy for

marketing decision-making which comprises Product, Price, Place, Promotion. These are the

making tools that are used to partly answer the effect of coupons on consumers’ price

sensitivity behavior (BillT, T., Betatester, Michele, 2020).

Figure 2: 4Ps Marketing Mix

Category Definition Typical Marketing Decision

Product A product refers to an item that satisfies the

consumer’s needs or wants which may be

tangible or intangible

Food Category refers to an interested

food categories that respondents

normally buy

Price - Price refers to the amount a customer

pays for a product

- Price also includes considerations of

customer perceived value

- Price may also refer to the sacrifice

consumers are prepared to make to

acquire a product

Discount Pricing strategy

(Begins with a non-discounted price but

commits to discount)

Place Refers to providing customer access Food delivery service platform : Grab,

Lineman, Gojek, Robinhood,

Foodpanda

Promotion Promotion refers to marketing

communication

Promotion tools :

- Discount coupon with minimum

spend

- Subtitutional promotion coupon

: application’s user-interface



3.3 Price Elasticity

Elasticity is a measure of the sensitivity of one variable to changes in another

variable. Usually, this sensitivity is the change in price relative to changes in other factors. In

economic terms, elasticity refers to the degree to which individuals, consumers or

manufacturers change their demand or supply according to changes in price or income. It is

mainly used to evaluate changes in consumer demand due to changes in product or service

prices. This is the making tool that is used to answer the food types that are sensitive to sales

promotion.

Figure 3: Price Elasticity

4. Methodology

I developed three groups of hypotheses. The first group relates to both short-term and

long term effects of the design on application or user interfaces which affect directly to

consumers’ experience. The second group relates to short-term effects of price promotion on

food category preference on a platform during the promotion period. And, the last group of

hypotheses considers how price promotion affects customer behavior or how price

promotions alter strategic customer behavior in the long run.

Do the promotion coupons result in a change in consumer behavior?

Which food types are sensitive to sales promotion?

Does the design of food applications play a significant role on consumers' price sensitivity?



● Surveyed Method

For the significant part of our primary sources, the survey method using

questionnaires would be conducted in order to get the regular and non-regular online food

ordering consumers’ opinions in Thailand for 342 respondents. The questionnaires will be

processed through physical handling and via online form. The answers would be obtained

through closed-ended questions with multiple choice answer options then would be analyzed

using quantitative methods later.

● Objective

To study the impacts of launching promotion coupons and price sensitivity on

consumer behavior

● Sampling

Our targeted population consists of Thai consumers on online food delivery platforms

with an expected total of 342 respondents from online food ordering consumers. The study

would adopt the convenience sampling as non-probability sampling, which means the

sampling group members are chosen in a non-random manner. Therefore each population

member has a chance to participate in the study by opening for the participants based on their

convenience with no requirements. For the population of interest, we focus on the Thai

people of every age including male, female and alternative gender who order food on food

delivery platforms, then identify their behavior based on which food types they tend to buy

from this platform.

● Approaching Questions

The questions would be conducted by an online food ordering consumers’ opinions.

The researcher would carry out the same questionnaires to every group of consumers which

would be mainly about their consumption behaviour and the factors that affect the

waiting-for-coupon decision behaviour. The questions involve demographic factors, shopping

behavior, ​product categories preference and promotional tools.

● Observation



After collecting data from the surveys, a descriptive analysis would be used as a data

analysis approach of the price sensitivity to draw a conclusion which customer group of the

respondent has the highest sensitivity in the first place and to help determine spillover effect.

And then, quantitative analysis will seek to identify the implementation pricing and

promotion to the food delivery industry.









● Statistical treatment

After collecting the data from all respondents, the data needed to be transformed into

numerical form to be able to analyse using the STATA program. This numerical form is

shown in Table1., and this research has too many variables in the regression model; therefore,

it will make the prediction of the result worse because of the redundancy of data. Thus, the

researcher groups related variables into four types to simplify the model. There are four

groups of categories of independent variables which are demographic factors, ordering food

behaviors, categories preference and promotional tools.

The demographic factors will then be determined by demographic information, which

are Gender, Age, Income and occupation.

Ordering food behavior factors will then be determined by ordering frequency

through online food delivery platforms and the average spending amount for online ordering

food during the normal period.

The Categories preference factors will then be determined by the particular food

category they buy through a food delivery platform.

The promotional tools factors will then be determined by the average opinion score

level in promotion tools which are minimum spend, reward, UiTime, UiProcess, UiPic,

UiCancel and UiCoupon

The researcher used Probit Regression due to the categories for the dependent

variable, which is the decision made by individuals before promotion coupons come. Since

the focus is on the behavior and decision to wait for coupons of online consumers, the most

critical decision is whether to wait for coupons or not. Coded as 0 and 1, the dependent

variable is binary.

● Model Specification

Pr(Y=p) = ​Dp​i β​ *​p +​ ​Sp​i δ​ *​p ​+ ​C​pi η​ *​p ​+ ​P​pi ​κ*​p ​+ ​ε​​i



; i = ​1,...,342 ​, p = 0​ ,1

Where:

➔ Pr(Y = p) is the probability of a consumer ordering food online through a food

delivery platform, where p = 0 when respondents don’t wait , p = 1 when respondents are

waiting for coupons.

➔Dp​i i​s the demographic factor that consists of gender,age,income,occupation.​ All

components of the demographic variables can be captured by dummy variables. Age, Income

and Occupation are controlled as a dummy variable. For gender variables, the female

respondent is coded as 1 and 0 if otherwise.

➔S​pi i​s the ordering behavior that consists of online food ordering frequency,

spending amount and flash deal sensitivity. For all three variables are controlled as a dummy

variable.

➔Cp​i i​s the food category preference which the researcher categorise into 39 types of

food and also controlled by as a dummy variable.

➔ P​pi is the promotional tool. All these factors are ​considered to be ordinal variables

rated by five Likert​-type scales, thus for simplicity, the researcher categorizes the answers

into five levels: 0 = mostly disagree, 1= disagree, 2 = neutral, 3 = agree, and 4 = mostly

agree.

➔β*​p​,δ​*​p​,​η*​p​,κ​*​p a​re the difference probability of each variable affecting customer

online ordering food behavior.

➔ε​​i​ i​s an error term.

Once the data is collected, the statistical treatment such as cleaning of the data,

selection of the models used and running the models are discussed under the last part.



5. Finding and Analyzing Results

After the data was collected, the dependent variable is summarized in terms of

percentage frequency showing in Table 2. The survey found that more than  half of the

respondents or 54.0% of the online food ordering consumers in Thailand have ever waited for

coupons, although they have already known what to buy, while the other 46.0% have not.

Illustrated by Figure 4, GrabFood is the most popular platform among the consumers, with up

to 44.98% of respondents who have been waiting for the coupons via GrabFood application

while 20.97% of consumers revealed that they usually make a purchase via FoodPanda and

LineMan  is used by only 25.84% of consumers. Followed by Gojek, Robinhood and Others

with 4.26%, 3.34% and 0.61% respectively.

Then, Table 3 presents the mean value of each independent variable, including their

descriptive statistics of 342 observations in which the definition of each variable was

previously explained in the methodology section. The results indicate that the majority of

gender for online food delivery consumers in online platforms is women. The gender ratio

could be

Figure 4: Number of users from various platforms





It could be broken down into 68.6% of females and 31% of males while the

alternative gender is represented only 0.4 % from the survey. Furthermore, 160 out of 342

respondents have an income range below 15,000 Baht. Meanwhile, with a similar proportion,

128 observations earn 15,001-30,000 Baht per month, which implies that most of the



respondents are in the middle-income group. The respondents mainly, 39%, are students. In

comparison, about 22.9% are private company employees, 8.6% are business owners, 7.6%

are Government and State enterprises officers, 2.9% are freelancers, 7.1% are housewives,

6.2% are unemployed, and the 5.7% are counted as the other occupations. (see Appendix B

for more demographic survey results).

The inferential analysis of the specification model is shown in Table 4. It presents the

marginal effects and coefficients with robust standard deviation in the parentheses of the

probit estimation for four sets of independent variables regarding the waiting decision for

coupons via food delivery application. According to the result, the researchers have computed

the marginal effects to explain how each unit increase in the independent variables would

increase or decrease the probability of consumers deciding to wait for a coupon on a food

app. The researcher can now present the findings which would be separated into three parts in

response to objectives that have been mentioned earlier.

Starting with the first part, “waiting for coupon behavior”. Table 4 presented below is

the result of Probit and Marginal effects results of our model. Probit results of this

specification in demographic factors (Di) indicate that the gender and age variable affects

consumers’ waiting decision. To be more specific, age_one (less than 20 years old), age_two

(20-25 years old) and age_three (26-30 years old) are significant at 1%,5% and 1%

respectively. While the student variable is significant at 10%. The result also implies that age

positively affects the probability of waiting. This suggests that the higher the age, the higher

the probability in which an individual will wait for the coupon. However, the older age

variable is not significant which is rational because, with the group of consumers of 20 years

old to 30 years old can conveniently access mobile applications.

Also, students have more probability than other occupations to wait for coupons even

though they have known what to buy. A change in the value of the student variable from zero

to one positively changes the probability of waiting for one in waiting for coupons by 58.6

percentage points. In contrast, private company employees, government officers and business

owners variables negatively affect the probability of waiting decisions at 5%,5% and 10%

level of significance respectively. It implies that for those consumers who have fixed income

will not wait for the coupon. However, other demographic factors like income are not

significant in this model.



For ordering food behavior set of variables (Si), regarding the marginal effect of

product variable, probit results point that ordering frequency (freq_one & freq_two) variables

and all spending amount variables affect the probability of waiting decision. The freq_one

variable (3-6 times a year) and freq_two variable (1-2 times a month) are significant at 5% ,

1% level of significance. Moreover, spending amount variables positively affected the

waiting coupons decision. To be specific, the variables of spend_zero (less than 100 THB),

spend_one ( 101-300 THB), spend_two (301-500 THB), spend_five (901-1,100 THB) are

significantly at 1% level of significance. Next, spend_two (501-700 THB ) and spend_three (

701-900 THB ) are significant at 5% level of significance. And the spend_six variable is

significant at 10% level of significance.

The result identifies that the consumer group who purchase food online at the average

1-2 times a month has a higher probability of choosing to wait as it is positively affected.

This is because, for people who order food online 3-6 times a year, their ordering behavior

represents that they always spend regularly without any waiting periods for promotion

coupons. Whereas, for those people who shop more frequently, they might be a group of

people who are  interested in online ordering enough to wait for coupons. Besides, an

increase in spending amount positively changes the probability of waiting as well. This is

because people who have high spending will receive more benefits and discounts from

coupons. Moreover, the flash_one or for those who have ever used flash deal is significant at

5% level of significance. A change in the value of the flash_one variable from zero to one

negatively changes the probability of waiting for one in waiting for coupons by 53.8

percentage points. Because flash deal promotions already deduct the price without any use of

coupons.

Moving to the third group of variables set as food categories preference (Ci), the

probit regression result shows significance in the product category the respondents usually

buy via food delivery applications The products that affect the probability of waiting can be

categorized into two groups. First, the group of variable are Bubble tea, Coffee or Tea,

Cooked to order, Esan,Juice & Smoothies, Frozen Yogurt & Ice cream, Healthy food, Italian,

Korean, Noodles, Northern, Southern, Rice Bowls, Shaved ice, Small Bites Snacks, Other.

These variables have a negative impact on the probability of waiting for a coupon decision.

Another group of food variables are Assorted Meat, Bakery & Pastries, Yakiniku/BBQ,

Chinese, Dimsum, Fried Food, HotPot, Indian, Japanese, Pizza, Ramen, Seafood, Steak,



Sushi. The second group of food variables positively affect the probability of waiting for a

coupon decision. The result implies that the one who is interested in the first group of food

tends to not wait for the coupons and the later group waits. This makes sense as the later food

group, the price range is higher than the first group. Therefore, people are more price

sensitive as they tend to wait for coupons if they are interested in ordering food from the

second group.

Furthermore, for the promotional tools set of variables (Pi), minimum spend variables

significantly affect consumers’ waiting decisions at 5% level of significance, while the

fundamental group of UI variables (UiTime, UiProcess, UiPic) are significant at 1%. The

result suggests that consumers who are less sensitive mainly take into consideration the

fundamental Ui variables. And the minimum spend variable has a negative impact on the

probability of waiting for a coupon decision. It implies that the less minimum spend of the

coupon condition, the higher probability of waiting coupon decision by 12.15%. Moreover,

another group of Ui variables are Uicancel and Uicoupon are significant at 1% and 5% level

of significance. These variables have a positive impact on waiting decisions. This is rational

because those who are more sensitive tend to seek for the best deal. If they don't, they would

cancel the order and find another best deal that suits them as well as the coupon banner which

those consumers are more price sensitive usually go to the banner for finding the available

coupon provided by applications.











Figure 5 : Female’s willingness to wait for different product categories

Figure 6 : Male’s willingness to wait for different product categories

To specify more, when the researcher considers each gender’s waiting preference, the

descriptive statistic demonstrates that 44.8% of female respondents have ordered food due to

promotion even if they are not hungry (see Appendix B for more survey results). According

to their answers, the food categories that match with their willingness to wait are represented

as bubble tea, bakery & pastries and fast food for their top three as exhibited in Figure 4.

Moving to males, 36.3% of male respondents have ordered food due to promotion in which

their percentage is close to the females. Nevertheless, the information in Figure 5 displays

that the food categories corresponding with their willingness to wait are expressed as bubble

tea, Japanese and bakery & pastries, respectively for their top three preferences.



6. Conclusion and Suggestions

From the analysis of the results, the research found that gender, income,student,

private company employee, government officer, business owners, etc. of occupation,

three-a-year and once-a-month frequency of ordering, spending amount, food category, and

some promotional tools like a minimum spend, and User-interface (UI variables), are

significant factors affecting consumers' decision to wait for coupons.

However, most of the food categories that the consumers are interested in have a

significant influence on their waiting decisions for coupons. Talking about each gender's

preference of waiting, females tend to have a high willingness to wait for bubble tea, bakery

& pastries and fast food categories while males prefer to wait for coupons when the food

types are bubble tea, japanese, and bakery & pastries. In addition, most of the respondents

believe that promotion coupons would be conducted not continuously in the future which

affects the consumption behavior in the way that consumers are afraid of missing out. They

tend to spend on other food while the coupon is not available and sometimes bring forward

their consumption for future meals due to promotion coupons.

The researcher understands that these coupons contribute to waiting behaviors.

However, the platforms have launched coupons to boost sales and hit targets, while also

aiming to collect big data from these opportunities. Therefore, the researcher has drawn some

suggestions toward the operation of coupons.

According to the promotional tools' influence, launching coupons with small

minimum spend from applications could attract consumers to join food apps. While

advertising through social media is a vital tool in this digital era, increasing engagement by

advertising to the right consumer group with the right product categories that match their

waiting behavior would enhance the participation. Moreover, increasing the frequency of the

coupons by setting up coupons for every user might help the platforms gain more consumers

and increase the spending amount in each time of the launching. It could also increase the

effect of consumer advance order behavior. Also, this would be beneficial to the platforms

when a part of the setting coupon goals is to gather the big data from a large number of users

during the launching.



7. Limitations

This paper has faced limitations and constraints like other research. Due to the current

situation of COVID-19, consumption behavior would be definitely and directly affected. The

frequency that the online food ordering purchase, the foodt types they are interested in, or the

spending amount might change which can lead to inexact results. Furthermore, due to the

time constraint, the size of 342 respondents is considered small in comparison to the total

number of online retail platform users in Thailand. Most of the respondents mostly are

students and people aged around 20-30 years old. This small sample size might create an

inaccurate assessment and interpretations.
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Appendix
Appendix A : Questionnaire

แบบสอบถามเพ่ือการวจัิย

เร่ือง พฤติกรรมการรอโปรโมช่ันคูปองในฟู้ดเดลิเวอร่ีแพลตฟอร์ม

สว่นท่ี  1: ปัจจัยประชากรศาสตร์ (Demographic Factors)

1. เพศ

a. หญงิ

b. ชาย

c. ไมต่อ้งการระบุ

2. อายุ

a. น้อยกวา่ 20

b. 20 - 25

c. 26 - 30

d. 31 - 35

e. 36 - 40

f. 40 - 45

g. มากกวา่ 45

3. อาชีพ

a. นักเรียน / นักศกึษา

b. พนังานบริษัทเอกชน / ลูกจา้งของเอกชน

c. รับราชการ / รัฐวสิาหกิจ/  ลูกจา้งของรัฐ

d. ธุรกิจสว่นตัว

e. แมบ่า้น (อยูบ่า้น)

f. ฟรีแลนซ ์/ รับจา้งอิสระ

g. วา่งงาน

h. อ่ืนๆ

4. รายไดต้อ่เดือน

a. น้อยกวา่ 15,000

b. 15,001 - 30,000

c. 30,001 - 45,000

d. 45,001 - 60,000

e. 60,001 - 75,000

f. มากกวา่ 75,000

5. ทา่นอาศัยอยูจั่งหวัดใด



____________________

6. คุณเคยใชแ้อพพลิเคช่ันสัง่อาหารออนไลน์หรือไม ่( เชน่ GrabFood, Foodpanda, Lineman ,

Gojek, Robinhood)

a. เคย

b. ไมเ่คย (ขา้มไปสว่นท่ี 5 โดยอัตโนมัติ)

สว่นท่ี 2 : พฤติกรรมการส่ังอาหารออนไลน์ ( Ordering behavior)

1. ปกติคุณใชบ้ริการแอพฯใดเป็นประจำ  / หากไมไ่ดใ้ชเ้ป็นประจำคุณใชบ้ริการแอพฯใดบอ่ยท่ีสุด

(ตอบไดม้ากกวา่ 1 คำตอบ)

a. แกร๊ปฟู้ด (GrabFood)

b. ฟู้ดแพนดา้ (FoodPanda)

c. ไลน์แมน (LineMan)

d. โกเจก็ (Gojek)

e. โรบิน้ฮูด้ (Robinhood)

f. อ่ืนๆ (Others)

2. ความถ่ีในการใชสั้ง่อาหารผา่นแอพดังกลา่ว

a. ทุกวัน

b. อาทติยล์ะ 3- 6 ครัง้

c. อาทติยล์ะ 1 - 2  ครัง้

d. เดือนละ 1-2 ครัง้

e. ปีละ 3-6 ครัง้

f. ปีละ 1-2 ครัง้

3. ปกติคุณสนใจ / ชอบซ้ืออาหารประเภทใดบา้ง (ตอบไดม้ากกวา่ 1 คำตอบ)

a. เน้ือสัตวต์า่งๆ (Assorted Meat)

b. เบเกอร่ีและขนมอบ (Bakery and Pastries)

c. ยากินิคุและบาบีควิ (Yakiniku/BBQ)

d. อาหารเชา้และบรันช ์(Breakfast & Brunch)

e. ชานมไขมุ่ก (Bubble Tea)

f. เบอเกอร์ (Burgers)

g. บริการจัดทำอาหาร (Catering)

h. อาหารจีน (Chinese)

i. กาแฟ ชา (Coffee-Tea)

j. อาหารตามสัง่ (Cooked to order)

k. ติม่ซำ (Dim Sum)



l. เคร่ืองด่ืม (Drinks)

m. อาหารอีสาน (Esan)

n. ฟาสตฟู้์ด (Fast Food)

o. ไกท่อด (Fried Chicken)

p. ของทอด (Fried Food)

q. โฟเซนโยเกิร์ต และ ไอศกรีม (Frozen Yogurt & Ice Cream)

r. อาหารสุขภาพ (Healthy food)

s. ฮอตพอท (Hot Pot)

t. อาหารอินเดีย (Indian)

u. อาหารนานาชาติ (International)

v. อาหารอิตาเลียน (Italian)

w. อาหารญ่ีปุ่น (Japanese)

x. น้ำผลไม ้และสมูทต้ี (Juice/Smoothies)

y. อาหารเกาหลี (Korean)

z. กว๋ยเต๋ียว (Noodles)

aa. อาหารเหนือ (Northern)

bb. พิซซา่ (Pizza)

cc. ราเมง็ (Ramen)

dd. ไรซโ์บล (Rice bowls)

ee. อาหารทะเล (Seafood)

ff. น้ำแขง็ไส (Shaved Ice)

gg. ขนม (Small Bites/Snacks)

hh. อาหารใต ้(Southern)

ii. สเตก็ (Steak)

jj. สตรีทฟู้ด (Street Food)

kk. ซูชิ (Sushi)

ll. อาหารตะวันตก (Western)

4. คุณเคยซ้ือสนิคา้ในชว่งท่ีมี โปรโมช่ันคูปอง ผา่นแอพฯดังกลา่วหรือไม่
a. เคย

b. ไมเ่คย (ขา้มไปสว่นท่ี 5 โดยอัตโนมัติ)

สว่นท่ี 3 : พฤติกรรมการส่ังอาหารในวันท่ีมีคูปองให้จากฟู้ดแอพพลิเคช่ัน

1. ความถ่ีในการซ้ืออาหารในชว่งท่ีมีคูปองให้จากทางแอพพลิเคช่ัน

a. ทุกครัง้ท่ีมีคูปองให้



b. อาทติยล์ะ 3-5 ครัง้

c. อาทติยล์ะ 1-2 ครัง้

d. เดือนละ 3-5 ครัง้

e. เดือนละ 1-2 ครัง้

2. ยอดใชจ้า่ยโดยเฉล่ียตอ่ครัง้ ในชว่งท่ีมีคูปองให้จากทางฟู้ดแอพพลิเคช่ัน

a. น้อยกวา่ 100 บาท

b. 101 - 300 บาท

c. 301 - 500 บาท

d. 501 - 700 บาท

e. 701 - 900 บาท

f. 901 - 1,100 บาท

g. มากกวา่ 1,110  บาท

3. คุณเคยตัดสนิใจอยา่งรวดเร็วในวันท่ีมีคูปองสว่นลดท่ีมีเวลาใชท่ี้จ ำกัดหรือไม ่(flash deal)

a. เคย

b. ไมเ่คย

4. คุณเคยรอจนกวา่จะมีคูปองจากทางแอพแลว้คอ่ยกดสัง่อาหารจากฟู้ดแอพพลิเคช่ันหรือไม ่เชน่

อยากกิน acai bowl แตก่ร็อมีคูปองกอ่นถึงคอ่ยสัง่

a. เคย

b. ไมเ่คย

สว่นท่ี 4 : พฤติกรรมการรอ เพ่ือซ้ือเมนูอาหารในวันท่ีมีโปรโมช่ันคูปอง

1. อาหารประเภทใดท่ีคุณยนิดีรอ / สามารถรอไดเ้พ่ือไปซ้ือในวันท่ีมีโปรโมช่ันคูปอง ( ตอบไดม้ากกวา่

1 คำตอบ)

a. เน้ือสัตวต์า่งๆ (Assorted Meat)

b. เบเกอร่ีและขนมอบ (Bakery and Pastries)

c. ยากินิคุและบาบีควิ (Yakiniku/BBQ)

d. อาหารเชา้และบรันช ์(Breakfast & Brunch)

e. ชานมไขมุ่ก (Bubble Tea)

f. เบอเกอร์ (Burgers)

g. บริการจัดทำอาหาร (Catering)

h. อาหารจีน (Chinese)

i. กาแฟ ชา (Coffee-Tea)

j. อาหารตามสัง่ (Cooked to order)

k. ติม่ซำ (Dim Sum)



l. เคร่ืองด่ืม (Drinks)

m. อาหารอีสาน (Esan)

n. ฟาสตฟู้์ด (Fast Food)

o. ไกท่อด (Fried Chicken)

p. ของทอด (Fried Food)

q. โฟเซนโยเกิร์ต และ ไอศกรีม (Frozen Yogurt & Ice Cream)

r. อาหารสุขภาพ (Healthy food)

s. ฮอตพอท (Hot Pot)

t. อาหารอินเดีย (Indian)

u. อาหารนานาชาติ (International)

v. อาหารอิตาเลียน (Italian)

w. อาหารญ่ีปุ่น (Japanese)

x. น้ำผลไม ้และสมูทต้ี (Juice/Smoothies)

y. อาหารเกาหลี (Korean)

z. กว๋ยเต๋ียว (Noodles)

aa. อาหารเหนือ (Northern)

bb. พิซซา่ (Pizza)

cc. ราเมง็ (Ramen)

dd. ไรซโ์บล (Rice bowls)

ee. อาหารทะเล (Seafood)

ff. น้ำแขง็ไส (Shaved Ice)

gg. ขนม (Small Bites/Snacks)

hh. อาหารใต ้(Southern)

ii. สเตก็ (Steak)

jj. สตรีทฟู้ด (Street Food)

kk. ซูชิ (Sushi)

ll. อาหารตะวันตก (Western)

2. หากมีรายการอาหารท่ีตอ้งการอยูแ่ลว้คุณสามารถรอไดน้านแคไ่หน เพ่ือซ้ือรายการอาหารในวันท่ีมี

โปรโมชันคูปอง เชน่อยากกิน acai bowl แตก่ร็อมีคูปองกอ่นถึงคอ่ยสัง่

a. สามารถรอไดเ้ร่ือยๆ

b. ไมเ่กิน 1-2 วัน

c. ไมเ่กิน 3-5 วัน

d. ไมเ่กิน 1 อาทติย์
e. ไมเ่กิน 2 อาทติย์



f. ไมเ่กิน 1 เดือน

3. คุณมีพฤติกรรมการซ้ืออาหารในวันท่ีมีโปรโมช่ันคูปองอยา่งไร

a. เลือกร้านอาหารตามท่ีคูปองระบุ

b. เลือกร้านอาหารท่ีตนเองสนใจแตแ่รก ไมส่นใจวา่จะเขา้ร่วมโปรโมช่ันคูปองหรือไม่
4. คุณมีพฤติกรรมท่ีเคยซ้ืออาหาร โดยท่ียังไมหิ่ว แตซ้ื่อเพราะมีโปรโมช่ันหรือไม่

a. เคยเป็นประจำ

b. เคยบา้ง อาทติยล์ะ 1 ครัง้

c. เคยบา้ง อาทติยล์ะ 3-5 ครัง้

d. ไมเ่คย

สว่นท่ี 5 : แนวโน้มการซ้ือของอาหารออนไลน์จากผลกระทบของโปรโมช่ันคูปอง

Questionnaire design: Five Type Likert scale

Scale Meaning

1 น้อยท่ีสุด (Strongly disagree)

2 น้อย (Disagree)

3 ปานกลาง (Neutral)

4 มาก (Agree)

5 มากท่ีสุด (Strongly agree)

1. คุณเหน็ดว้ยกับขอ้ความน้ีอยา่งไร

a. คุณมีแนวโน้มท่ีจะใชคู้ปองท่ีมีขัน้ต่ำในการซ้ือท่ีราคาต่ำ เชน่ ขัน้ต่ำในการซ้ือท่ี 100 บาท

2. คุณคดิวา่ปัจจัยเหลา่น้ีสง่ผลให้คุณยนิดีรอจนกวา่จะถึงวันท่ีมีคูปองเพ่ือซ้ือสนิคา้มากน้อยแคไ่หน

a. Rewards จากทางแอพพลิเคช่ัน

b. บอกเวลาท่ีออเดอร์จะถึงมือลูกคา้ไดถู้กตอ้งและแมน่ยำ

c. บอกขัน้ตอนวา่ตอนน้ีออเดอร์ของคุณอยูใ่นขัน้ตอนไหนอยา่งชัดเจน

d. มีรูปประกอบในแตล่ะเมนูอาหาร

e. มีปุ่มกดยกเลิกออเดอร์ได้
f. มีแบนเนอร์บอกคูปองท่ีสามารถใชไ้ด้

Appendix B : Demographic Results from The Survey

1. Gender



2. Age

3. Monthly Income

4. Occupation



5. Gender for respondents who have ever waited for coupon


