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1. Introduction 

Naturally, consumer behaviour has always been bound to change over time. The way             

consumers purchase products is remarkably different from how it was in the past couple years               

due to the rapid growth of the E-commerce industry and the sharply increasing number of               

consumers who use interactive media as pre-purchase information searching tools for online            

shopping (​Häubl and ​Trifts​, 2000). Lately, it has become more apparent for the behavior of               

consumers in the E-commerce market which has undergone tremendous changes, especially           

in terms of purchasing decisions on online retails platforms. Nowadays, consumer decisions            

made via online retail platforms are representing a part of digital culture.  

Consumer decision-making behaviour is a complex procedure consisting of         

comparing, evaluating, selecting, as well as purchasing from various options based upon the             

consumer’s opinion over a particular product ​(Shaw, 2018)​. Generally, during the decision            

evaluation process, consumers tend to be influenced by environmental factors while also            

determining alternatives from several economic and psychological factors. Sales promotion          

tools – including price discount, coupons, buy one get one etc. – are considered as one of the                  

potential psychological strategic moves in the E-commerce industry applied to promote sales            

and trigger purchase ​(Chandra, Mazumdar & Suman, 2018)​. And, recently, one of the most              

popular discount tools that generates a broad impact for global shopping festivals at this              

moment is the annual 11.11 Singles’ Day campaign originating from Alibaba. This campaign             

has become an event for shoppers, E-commerce merchants, and online retails platforms with             

sales exceeding all expectations, abating the power of both Black Friday and Cyber Monday              

in the United States for online purchases ​(Hasnan, 2019)​. With the presence of leading              

E-commerce platforms like Lazada and Shoppee in Thailand, it comes as no surprise when              

they adopted this famous shopping festival within their e-marketplaces. After the drastically            

successful 9.9 campaign from shopee has shown up, followed by another peak triumph of              

11.11 campaign from many online and offline stores, it contributes to the continuous             

reproduction of these Mega Sales Events which eventually become a new trend of             

promotional tools for the E-commerce industry in Thailand. 

Launching the Big Campaign in which its date and month are the same numbers via               

online retails application has already become anticipatable for online shoppers in Thailand.            

https://pubsonline.informs.org/action/doSearch?text1=H%C3%A4ubl%2C+Gerald&field1=Contrib
https://pubsonline.informs.org/action/doSearch?text1=Trifts%2C+Valerie&field1=Contrib


 

These predictive sales have shaped the consumer decision-making behaviour a lot, for            

instance, customers would never make any purchase before the Big Campaign arrives but             

only search for the products that match their preference and add them to cart. If there are any                  

interested brands, they would check for the promotion and collect coupons then wait until the               

campaign comes. This is because the vast majority of consumers are always seeking for a               

discount and wait until the last minute for the best deal ​(Kapner, 2015)​. Furthermore, another               

characteristic of the campaign is time pressure. Consumers are well aware that the price              

reduction will be organized in just 24 hours, combined with the strategies of the platforms               

that will often count down the remaining time of the campaign or show the number of                

products remaining, causing customers to create ‘Fear of Missing Out’ (FOMO) instinctively.  

 ​Thus, the main objective of this seminar is to study the impacts of launching the                

predictable monthly Big Campaigns and its frequency on delayed purchase decision-making           

behaviour of online consumers.​ ใสr่ef  

The study’s first aim is to explore both characteristics of delay which are wait-for-discount              

behavior and postpose behavior due to frequency of promotion. Furthermore, the second is to              

evaluate the level of sensitivity to the Big Campaigns among different groups of consumers.              

Moreover, it formulates recommendations to online retails platforms in terms of response to             

the consumers' behaviour.  

This study will focus on delayed purchase behaviour of Thai online consumers that             

occurred from consumers’ perception about the monthly Big Campaign         

(Doubled-Number-Date Campaign) via online retail platforms, eg. Lazada, Shopee, JD          

Central, Pomelo etc. regardless of other festive sales, seasonal campaigns, or flash sales. 

2. Literature review  

The overview of the related literature covers two main aspects of delay, which are              

waiting and postponing. Both of them impact consumer behavioural choices across delay            

discounting tasks. There is a role of cost of delay in the underlying process of reward                

(Paglieri F. ,2014). The first aspect, consumers are always waiting for the Double-Digit             

campaign. 

Second, we focus on consumers who always postpone purchasing decisions since the            

consumers are getting used to the next upcoming monthly Double-digit campaign. 

There are three streams of literature which connect to this paper which consists of 



 

a.waiting-for-discount behavior 

b.products types that is sensitive to sales promotion 

c.effect of promotion frequency on shopping behavior 

The first relevant stream of research is the ​waiting-for-discount behavior. ​In market,            

Consumer search cost and firm choose pricing strategy that involve commitments which are             

1) firm fix single price 2) firm commit to always discount and 3) firm begins with a high                  

(non-discounted) price but commits to discount frequently even if discounting lowers           

revenue. The third pricing strategy is called discount-frequently strategy (Gérard P. C. and             

Pnina F. , 2013) However, many consumers have learned to delay purchases, expect that              

price would decrease, which is called forward-looking behaviour that was shaped by            

operation management, marketing and economic environment. (Jun L., Nelson G, Serguei N.,            

2014) such double-digit day campaigns which contain limited time to make decisions. Under             

a limited time, people use an intertemporal choice to make decisions (Florian L., Julia R.,               

2017). Time pressure can count as one of causation of delay consumer’s decision (Eric G. ,                

Donald L. ,1991) 

The second relevant stream of research is ​products types that is sensitive to sales              

promotion​. The sales phenomenon has become more critical for retailers and consumers due             

to the frequency of periodic sales increasing. (Martin P., 2002) The studies have proven that               

with some kind of product, consumers are more psychologically attached whereas for some             

kinds of product consumers behave rationally (Luong and Slegh, 2014). There is a positive              

Impact of sales promotion on sales volumes, but the impact of sales promotion cannot be the                

same for different categories of product (Bogomolova et al., 2017; Banerjee, 2009a, 2009b;             

Fearne et al., 1999). According to the nature of the product, a suitable promotional strategy is                

required (Kempf, 1999). 

The third relevant stream of research is ​effect of promotion frequency on shopping             

behavior​. The sales phenomenon has become more critical for retailers and consumers due to              

the frequency of periodic sales increasing (Martin P., 2002) More frequent promotions            

increase their effectiveness, but only in the short run. The frequent use of price promotions               

makes them a more important component in consumers’ motivation to buy from a category,              

as they are conditioned to look for, and rely on, future promotions (Vincent R., Marnik G.,                

Jan E.M, Dominique M. 2000) which lead to waiting-for-discount behavior,the first related            

stream of research.  



 

 

3. Theoretical Framework 

3.1 4Ps Marketing Mix theory 

Most of the time 4Ps Marketing Mix shown in Figure 1 is used as a strategy                

for marketing decision-making which comprises Product, Price, Place, Promotion.         

These are the making tools that are used to partly answer delayed purchase decision              

behavior.

 

 

3.2 Intertemporal Choice 

Intertemporal choice is the process by which people make ​decisions about           

what and how much to do at various points in time, when choices at one time                

influence the possibilities available at other points in time. ​Intertemporal choice refers            

to decisions, such as spending habits, made in the near-term that can affect future              

financial opportunities. ​These choices are influenced by the relative value people           

assign to two or more payoffs at different points in time. Most choices require              

decision-makers to trade off costs and benefits at different points in time.  

https://en.wikipedia.org/wiki/Decision_theory


 

Applied to this study, this theory ​describes how an individual's current           

decisions affect what options become available in the future. The consumers are             

required to trade off between the current consumption with higher cost but receive the              

goods right away and the future consumption with less cost from discounts and             

promotions but need to wait longer for the products. 

 

Figure 2: Intertemporal Choice of Consumption 

 

4. Methodology 

We develop three groups of hypotheses. The first group relates to the short-term and              

direct effects of price promotions on the purchase incidence and revenue of promoted             

products. The second group relates to the long-term effects of price promotions on customers’              

engagement on a platform after the promotion period. The last group of hypotheses considers              

how price promotions alter strategic customer behavior in the long run. For the second and               

third groups of hypotheses, we also examine the spillover effects of price promotions to              

retailers that have not offered promotions to customers. 

● Surveyed Method 

For the significant part of our primary sources, the surveyed method using questionnaires             

would be conducted in order to get the regular and non-regular online shopper’s opinions in               

Thailand for 500 respondents. The questionnaires will be processed through physical           

handling and via online form. The answers would be obtained through closed-ended            



 

questions with multiple choice answer options then would be analyzed using quantitative            

methods later. 

● Objective 

To study the impacts of launching the predictable monthly Double-Digit Day Campaigns and             

its frequency on delayed purchase decision behavior  

● Sampling 

Our targeted population consists of Thai consumers on online platforms with an expected             

total of 500 respondents from online shoppers. The study would adopt the convenience             

sampling as non-probability sampling, which means the sampling group members are chosen            

in a non-random manner. Therefore each population member has a chance to participate in              

the study by opening for the participants based on their convenience with no requirements. 

● Approaching Questions 

The questions would be conducted by an online shopper’s opinion. We would carry out the               

same questionnaires to every group of consumers which would be mainly about their             

consumption behaviour and the factors that affect the delayed decision behaviour. The            

questions involve demographic factors, shopping behavior, ​product categories preference and          

promotional tools. 

● Observation 

After collecting data from the surveys, a descriptive analysis would be used as a data analysis                

approach of the price sensitivity to draw a conclusion which customer group of the              

respondent has the highest sensitivity in the first place and to help determine spillover effect.               

And then, quantitative analysis will seek to identify the implementation pricing and            

promotion to the E-commerce industry. 

 

Table 1 : The Variable Definition 

Factor   Variable Definition 



 

Depandent Variable  

Waiting Decision Y​P Have you ever waited for the Double-Digit Day Campaign, when          
you’ve already known what to buy? 
(Waiting = 1, Not Waiting = 0) 

Independent Variables 

1.Demographic 
factors 

(D​i​)
 

Gender Male = 0, Female = 1, Alternative gender = 2 

Age Age of the repondents 
(Less than 20 years old = 0, 20-25 years old = 1, 26-30 years old               
= 2, 31-35 years old = 3, 36-40 = 4, 41-45 = 5, More than 45                
years old = 6) 

Income Income of respondents 
(Less than 15,000 = 0, 15,001 - 30,000 = 1, 30,001 - 45,000 = 2,               
45,001 - 60,000 = 3, 60,001 - 75,000 = 4, more than 75,000 = 5) 

Student 
 
 

Occupation of respondents  
The respondents is student  
(Yes = 1, No = 0) 

Private 
Employees 

Occupation of respondents  
The respondents is Private employees 
(Yes = 1, No = 0) 

Government 
Officer/State 
enterprise 

Occupation of respondents  
The respondents is Government Officer/ State enterprise 
(Yes = 1, No = 0) 

Business 
Owner 

Occupation of respondents  
The respondents is Business owner 
(Yes = 1, No = 0) 

Wifehouse Occupation of respondents  
The respondents is Wifehouse 
(Yes = 1, No = 0) 

 Freelance Occupation of respondents  
The respondents is Freelance 
(Yes = 1, No = 0) 

Unemployed Occupation of respondents  
The respondents is Freelance 
(Yes = 1, No = 0) 

Etc. Occupation of respondents  
The respondents is et cetera 
(If Yes = 1, No = 0) 

2.1 Shopping 
behavior 

(S​i​) 

OnceYr Respondent’s shopping frequency through online platform is       
around 1 - 2 times a year  
( Yes = 1, No = 0) 



 

 ThreeYr Respondent’s shopping frequency through online platform is       
around 3 - 6 times a year  
( Yes = 1, No = 0) 

OnceMt Respondent’s shopping frequency through online platform is       
around 1 - 2 times a month 
(Yes = 1, No = 0) 

OnceWk Respondent’s shopping frequency through online platform is       
around 1 - 2 times a week 
(Yes = 1, No = 0) 

ThreeWk Respondent’s shopping frequency through online platform is       
around 3 - 6 times a week 
(Yes = 1, No = 0) 

Everyday Respondent’s shopping frequency through online platform      
Everyday 
(Yes = 1, No = 0) 

SpendAmt 
 

The average spending of respondents 
(Less than 500 Baht = 0, 501 - 1,000 Baht = 1, 1,001 - 3,000 Baht                
= 2, 3,001 - 5,000 Baht = 3, 5,001 - 7,000 Baht = 4, 7,001 -                
10,000 Baht = 5, 10,001 - 20,000 Baht = 6, more than 20,000baht             
= 7) 

3. Product categories 
preference 

(C​i​) 

IT Respondent is interested in/ normally buy IT product through         
online platform 
(Yes = 1, No = 0) 

Gadgets Respondent is interested in/ normally buy gadgets product        
through online platform 
(Yes = 1, No = 0) 

Electric Respondent is interested in/ normally buy electric product        
through online platform 
(Yes = 1, No = 0) 

Furniture Respondent is interested in/ normally buy furniture product        
through online platform 
(Yes = 1, No = 0) 

Homedec Respondent is interested in/ normally buy Home decoration        
product through online platform 
(Yes = 1, No = 0) 

Clean Respondent is interested in/ normally buy cleansing house        
product through online platform 
(Yes = 1, No = 0) 

Beauty Respondent is interested in/ normally buy beauty product through         
online platform 
(Yes = 1, No = 0) 



 

Personalcare Respondent is interested in/ normally buy personal care product         
through online platform 
(Yes = 1, No = 0) 

Vitamin Respondent is interested in/ normally buy vitamin product        
through online platform 
(Yes = 1, No = 0) 

Kids Respondent is interested in/ normally buy kids product through         
online platform 
(Yes = 1, No = 0) 

Pets Respondent is interested in/ normally buy pets product through         
online platform 
(Yes = 1, No = 0) 

Fashion Respondent is interested in/ normally buy fashion product        
through online platform 
(Yes = 1, No = 0) 

FoodnBev Respondent is interested in/ normally buy food and beverage         
product through online platform 
(Yes = 1, No = 0) 

Stationary Respondent is interested in/ normally buy stationary product        
through online platform 
(Yes = 1, No = 0) 

Toys Respondent is interested in/ normally buy toys product through         
online platform 
(Yes = 1, No = 0) 

Books Respondent is interested in/ normally buy IT product through         
online platform 
(Yes = 1, No = 0) 

Music Respondent is interested in/ normally buy music instruments        
product through online platform 
(Yes = 1, No = 0) 

Sports Respondent is interested in/ normally buy IT product through         
online platform 
(Yes = 1, No = 0) 

Travel Respondent is interested in/ normally buy IT product through         
online platform 
(Yes = 1, No = 0) 

Automobile Respondent is interested in/ normally buy IT product through         
online platform 
(Yes = 1, No = 0) 

4.Promotion tools 
influence waiting 

DeliveryPromo
tion 

Delivery promotion can influence the customer to wait until the          
Double- digit day campaign (Mostly disagree = 0, Disagree = 1,           



 

behavior (score) 
(P​i​) 

neutral = 2, Agree = 3, Mostly agree = 4) 

AppCoupon “I think that application coupons can influence me to wait until           
the Double- digit day campaign” Opinion (Mostly disagree = 0,          
Disagree = 1, neutral = 2, Agree = 3, Mostly agree = 4) 

BrandsDiscoun
t 

“I think that brands discount can influence me to wait until the            
Double- digit day campaign” Opinion (Mostly disagree = 0,         
Disagree = 1, neutral = 2, Agree = 3, Mostly agree = 4) 

ProductsCate “I think it depends on products that can influence me to wait until             
the Double- digit day campaign” Opinion (Mostly disagree = 0,          
Disagree = 1, neutral = 2, Agree = 3, Mostly agree = 4) 

LessFrq “I think that the frequency of promotion day can influence me to            
wait until the Double- digit day campaign” Opinion (Mostly         
disagree = 0, Disagree = 1, neutral = 2, Agree = 3, Mostly agree =               
4) 

 

● Statistical treatment 

After collecting the data from all respondents, the data needed to be transformed into              

numerical form to be able to analyse using the STATA program. This numerical form is               

shown in Table1., and we have too many variables in the regression model therefore, it will                

make the prediction of result worse because of the redundancy of data. Thus, we group               

related variables into 4 types to simplify the model. There are 4 groups categories of               

independent variables which are demographic factors,shopping behaviors, categories        

preference and the promotional tools.  

The demographic factors will then be determined by demographic information, which           

are Genfer, Age, Income and occupation. 

The Shopping behavior factors will then be determined by shopping frequency           

through online retail platforms and the average spending amount for online shopping during             

the normal period. 

The Categories preference factors will then be determined by the particular product            

category they buy through an online retail platform.  



 

The promotional tools factors will then be determined by the average opinion score             

level in promotion tools which are delivery promotion, application coupon, brand’s discount,            

product category discount and less frequency of Double-digit Campaign.  

We used Ordered Probit Regression due to the categories for the dependent variable,             

which is the decision made by individuals before the Double-Digit day campaign comes.             

Since the focus is on the behavior and decision to wait for the Double-Digit Day campaign of                 

online shoppers, the most important decision is whether to wait for the campaign and              

discount or not. ​Coded as 0 and 1, the dependent variable is binary. 

● Model Specification 

Pr(Y=p) = ​D​pi ​β*​p ​+ ​S ​pi ​δ*​p ​+ ​C​pi ​η*​p ​+ ​P​pi ​κ*​p ​+ ​ε​ ​i 

; i = ​1,...,500 ​, p = ​0,1 

Where: 

➔ Pr(Y = p) is the probability of a consumer shopping through an online platform,              

where p=0 when respondents don’t wait , p=1 when respondents are waiting to shop              

on the campaign. 

➔ D​pi ​is the demographic factor that consists of gender, age, income, occupation. ​Some              

components of the demographic variables can be captured by dummy variables.           

Occupation is controlled as a dummy variable. For gender variables, the female            

respondent is coded as 1 and 0 if otherwise. 

➔ S​pi ​is the shopping behavior that consists of online shopping frequency and spending             

amount.  For an online shopping frequency is controlled as a dummy variable.  

➔ C​pi ​is the category preference which we categorise into 20 types of product and also               

controlled by as a dummy variable. 

➔ P​pi is the promotional tool. All these factors are ​considered to be ordinal variables              

rated by five Likert​-type scales, thus for the simplicity, we categorize the answers into              

five levels: 0 = mostly disagree, 1= disagree, 2 = neutral, 3 = agree, and 4 = mostly                  

agree. 

➔ β*​p ​, ​δ*​p ​, ​η*​p ​, ​κ*​p ​are the difference probability of each variable affecting customer                   

online shopping behavior. 



 

➔ ε​ ​i​ ​is an error term. 

Once the data is collected, the statistical treatment such as cleaning of the data,              

selection of the models used and running the models are discussed under the last part. 

 

5. Finding and Analyzing Results 

After the data was collected, the dependent variable is summarized in terms of percent              

frequency shown in Table 2. The survey found that around half of the respondents or 51.6%                

of the online consumers have ever waited for the Double-Digit Day campaign although they              

have already known what to buy while the other 48.4% have not. Illustrated by Figure 3,                

Shopee is represented as the most popular platform among the consumers, with up to 80% of                

respondents who have been waiting for a campaign day from Shopee while 55% of              

consumers revealed that they usually make a purchase via Lazada during the campaign period              

and JD Central is used by 11.8% of shoppers. 

Then, Table 3 presents the mean value of each independent variable including their             

descriptive statistics of 500 observations in which the definition of each variable was             

previously explained in the Methodology section. The results indicate that the majority of the              

gender ratio for online shoppers in online retail platforms is women which is divided into               

66.2% of females and 33% of males while the alternative gender is represented only 0.008%               

from the survey. Furthermore, 179 out of 252 respondents have an  income range 

Figure 3 



 

 



 

below 15,000 Baht. While, with a similar proportion, 167 observations earn 15,001-30,000            

Baht per month which implies that the most of the respondents are in the middle income                

group. The respondents mainly, 51.8%, are students while the rest comprise about 22.3% are              

private company employees, 10.8% are business owners, 6.8% are Government and State            

enterprises officers, and the 8.2% are counted as the other occupations. (see Appendix B for               

more demographic survey results). 

For inferential analysis of the specification model is shown in Table 4, it presents the               

marginal effects with robust standard deviation in the parentheses of the ordered probit             

estimation for four sets of our independent variables regarding the waiting decision for             

Double-Digit Day campaign by individuals. ​According to the result, we have computed the             

marginal effects to explain how each unit increase in the independent variables increases or              

decreases the probability of consumers deciding to wait for a discount on the Double-Digit              

Day campaign.We can now present the findings which would be separated into two parts in               

response to our objective we have mentioned earlier. 

Starting with the first part, waiting behavior. ​Table 4 presented below is the result of                

ordered Probit and Marginal effects results of our model. Probit result of this model in               

demographic factors indicates that income variable significantly affects consumers waiting          

decision at 1% level of significance, while housewife variable is significant at 5%. The result               

implies that income negatively affects the probability of waiting. This suggests that the higher              

income the lower the probability that an individual will wait for the campaign. This makes its                

sense because with high income, the consumer will prefer to purchase right away rather than               

wait for a discount due to their high purchasing power. Also, wifehouses have more              

probability than other occupations to delay their consumption and wait for the campaign even              

though they have known what to buy. However, other demographic factors like gender and              

age are not significant in this model. 

For shopping behavior variables, probit results point that shopping frequency at once            

a week variable and spending amount variable affect prob of waiting decision at 1% level of                

significance. The result implies that the consumers group who purchase online at the average              

once a week has a higher probability of waiting. An increase in spending amount positively               

changes the probability of waiting as well. 

 



 

Table 4: Specification using probit estimation (We will create an appropriate table later) 

 
  

Moving to the third group of variables, the probit regression result shows no             

significance in the product category they normally buy. This implies that product categories             

that the consumers are interested in or normally purchase via e-commerce platforms have no              

effect on their waiting decisions. 



 

 

In addition, for the promotional tools variables, delivery promotions and less frequent            

variables significantly affects consumers' waiting decisions at 5% level of significance, while            

coupon from application variable is significant at 1%. The result suggests that online             

shoppers mainly take into consideration the delivery promotion and coupon from applications            

received from using online retail platforms when considering whether it's worth waiting or             

not. And less frequency also increases the tendency choosing to wait.  

 

Figure 4 

 

Figure 5 



 

To specify more, when we consider each gender’s waiting preference, the descriptive            

statistic demonstrates that 53.47% of female respondents have ever waited for the            

Double-Digit Day Campaign (see Appendix B for more survey results). Due to their answers,              

the product categories that match with their willingness to wait are represented as beauty &               

cosmetic, fashion, and personal care products respectively for their top three as demonstrated             

by Figure 4. While automobile products are the category they have the lowest tendency to               

wait until the campaign day. Moving to males, the information in Figure 5 illustrates that               

49.09% of male respondents have ever waited for Campaign in which the percentage is close               

to female. But in contrast, the bar graph can show that the product categories that match with                 

their willingness to wait are expressed as IT products, gadgets, and electric appliances             

respectively for their top three preferences. Whereas baby & kids products come with their              

lowest tendency to waiting for the campaign day.  

 

 

Table 5: Correlation between Next-Month Expectation pf campaign, Tendency to          

postpone consumption in this month campaign day to next month campaign day, and             

Tendency to spend less for this month campaign. ​(We will create appropriate table later) 

 

Then, talking about the second part, postpone behavior. According to the data from             

500 observations it presents that 80.6% Of respondents believe that the Double-Digit Day             

Campaign would be held continuously in the coming months. Considering the correlation run             

from stata, we found that the expectation towards the next month campaign has positive              

correlation with the tendency to postpone decision. To illustrate more, the model explains             

70% of positive relationships that the one who expects the double-digit day campaign next              

month tends to postpone their purchasing to the next next time. It also explains 44% of                

positive correlation that the one who believes the campaign would be held continuously will              

spend less each time. 

 



 

6. Conclusion and suggestions 

From the analysis of the result, the research found that income, wifehouse, once a              

week frequency of shopping, spending amount, and promotional tools like delivery discount,            

application coupon, and less frequency of campaign are significant factors affecting           

consumers’ decision to delay their consumption. However, the product categories that the            

consumers are interested in have no significant influence on their waiting decisions to the              

campaign day and also the rest variables. 

The authors understand that these monthly promotions and campaigns even contribute           

to waiting and postpone behaviors but the platforms launch this campaign for the purpose of               

boosting sales and hitting targets, while also aiming to collect big data from these              

opportunities. Therefore, we have drawn some suggestions towards operating the          

Double-Digit Day campaigns. 

According to the promotional tools influence, Launching delivery promotion and          

coupons from applications could attract consumers to join campaigns. While advertising           

through social media is a vital tool in this digital era, Increase campaign engagement by               

advertising to the right target options with the right product categories that match their              

waiting behavior. Moreover, reducing the frequency of the Double-Digit Day campaigns by            

not setting up every month, might help the platforms gain more consumers and increase              

spending amount in each time of the campaigns. While it could also reduce the effect of                

consumer postpone behavior. Also, this would be beneficial when part of the campaign             

purpose is to gather the Big data from a large number of users during the campaign days. 

 

7. Limitations 

This paper has faced limitations and constraints like other research. Due to the current              

situation of COVID-19, consumption behavior would be definitely and directly affected. The            

frequency the online shoppers purchase, the product types they are interested in, or the              

spending amount might change which can lead to inexact results. Furthermore, due to the              

time constraint, the size of 500 respondents is considered small in comparison to the total               

number of online retail platform users in Thailand. Most of the respondents mostly are              

students and people aged around 20-30yrs old. This small sample size might create an              

inaccurate assessment and interpretations. 



 

Reference 

Marketing Tutor. (2020). ​AA (Ahsan Ali) Shaw, Author at Marketing Tutor​. [online] 

Available at: ​https://www.marketi​ngtutor.net/author/aa-ahsan-ali-shaw/ [Accessed 24 Feb. 

2020]. 

Anon, (2020). [online] Available at: 

https://www.researchgate.net/publication/257430807_The_link_between_customer_satisfacti

on_and_price_sensitivity_An_investigation_of_retailing_industry_in_Taiwan [Accessed 24 

Feb. 2020]. 

Anon, (2020). [online] Available at: 

https://www.researchgate.net/publication/222341499_Situational_price_sensitivity_The_role

_of_consumption_occasion_social_context_and_income [Accessed 24 Feb. 2020]. 

Anon, (2020). [online] Available at: 

https://www.researchgate.net/publication/265906208_Price_Commitments_with_Strategic_C

onsumers_Why_it_can_be_Optimal_to_Discount_More_Frequently_Than_Optimal?enrichId

=rgreq-ebc81d69ff22c14064f86cef3698abf5-XXX&enrichSource=Y292ZXJQYWdlOzI2NT

kwNjIwODtBUzoxNDQyNTY2MjI2NjU3MjhAMTQxMTQwNDg2NzUxNw%3D%3D&el

=1_x_3&_esc=publicationCoverPdf [Accessed 24 Feb. 2020]. 

Anon, (2020). [online] Available at: 

https://www.researchgate.net/profile/Richard_Briesch/publication/256241591_Sales_Promoti

ons/links/0046352a116791d6ae000000/Sales-Promotions.pdf [Accessed 24 Feb. 2020]. 

Econstor.eu. (2020). [online] Available at: 

https://www.econstor.eu/bitstream/10419/156178/1/866086307.pdf [Accessed 24 Feb. 2020]. 

Pdfs.semanticscholar.org. (2020). [online] Available at: 

https://pdfs.semanticscholar.org/ecfb/29bc7606554722d04716b70db7ec73e81b82.pdf 

[Accessed 24 Feb. 2020]. 

https://www.marketi/


 

Pubsonline.informs.org. (2020). ​Are Consumers Strategic? Structural Estimation 

from the Air-Travel Industry | Management Science​. [online] Available at: 

https://pubsonline.informs.org/doi/10.1287/mnsc.2013.1860 [Accessed 24 Feb. 2020]. 

The ASEAN Post. (2020). ​ASEAN gets ready for Singles’ Day shopping event​. 

[online] Available at: 

https://theaseanpost.com/article/asean-gets-ready-singles-day-shopping-event [Accessed 24 

Feb. 2020]. 

Pubsonline.informs.org. (2020). ​Consumer Decision Making in Online Shopping 

Environments: The Effects of Interactive Decision Aids | Marketing Science​. [online] 

Available at: https://pubsonline.informs.org/doi/abs/10.1287/mksc.19.1.4.15178 [Accessed 

24 Feb. 2020]. 

F, P. (2020). ​The costs of delay: waiting versus postponing in intertemporal choice. - 

PubMed - NCBI​. [online] Ncbi.nlm.nih.gov. Available at: 

https://www.ncbi.nlm.nih.gov/pubmed/23413105 [Accessed 24 Feb. 2020]. 

Lin, Y. and Chen, C. (2020). ​Passengers' shopping motivations and commercial 

activities at airports – The moderating effects of time pressure and impulse buying tendency​. 

pesendorfer, M. (2020). [online] Available at: 

https://www.jstor.org/stable/10.1086/323504?seq=1#metadata_info_tab_contents [Accessed 

24 Feb. 2020]. 

 

 

 


