EE406 Contemporary Economic Issues

Impact Analysis of COVID-19

using alternative indicators



Introduction and Project’s background

The number of COVID cases in Thailand have significantly increased
in every new waves.

Daily New Cases in Thailand

Bangkok, Chiang Mai, Chonburi have placed in the
top-ten ranking of the accumulated infected covid-19
cases as of 20 Nov. 2021
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Currently,number of cases is now under the 7-days 9 Chiang Mai 23,970 cases
moving average which reflect the optimistic outlook \

and better sentiment to citizens.
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Introduction and Project’s background

Thai economic outlook has been hit and downgraded with a huge loss including GDP
cut and increased unemployment rate, with negative spill over to other main industries.

Thailand has been

forecasted to cut the 8
estimate GDP for more i
than three times with i

some stimulus package /
to Thai economy need /

to be implemented.
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Not only the downgraded to the Thai
GDP, the unemployment rate also !
sharply increase in Q2/2020. 1t
shows the vulnerable in Thai labor |
market.

| Eventhough we faced with many !
| waves of COVID-19, the VIX index !
' has shown the positive sentiment of
' the financial sector in each of the
COVID occurances.
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Sources of Data

@ Maps
Mobility Trends
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Briefs of Analytical methodologies

IQ)I) rapidminer

- Export data from ministry of public health, google earth, apple mobility trends, and twitter

- Import data from the ministry of public health, google earth, and apple mobility trends to
microsoft excel

- Import data from twitter to rapid miner

- Computing all the indicators and constructing the scatter plot

- Compare and Analyze results
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COVID12 and Nighttime Light

COVID19 infected cases and Nighttime-Light Index -- Bangkok
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- For the best proxy model to explain the

- relationship between the Nighttime-Light
- index and COVIDI19 infected cases, it
belongs to Bangkok due to the highest
R-squared at 59.49%.

" The lowest R-squared is in
- Chiang Mai case at 5.71%.

. To conclude, Nighttime-Light index is
- inefficient to explain the COVID19
- infected case due to the low value of

: R-squared in every cases.
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COVID19 infectged cases and Nighttime-Light Index -- Phuket
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COVID19 and Apple Mobility Index (driving)

COVID19 infected cases and Apple Mobility Index (driving)--
Bangkok
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COVID19 infected cases and Apple Mobility Index (driving)
Chonburi
2.105
21 H =
= ° y=-0.0016x+2.0836
= 2.095 R%=0.0281
<
2 209
£ 2085 ° . N : . -
3
S 208 -
=
22075
o}
2 .
< 207 ® (1
g
= 2.065 . .
206 *
°
2.055
0 0.5 1 1.5 2 25 3 35 4 45 5
log(COVID19 infected cases)

- For the best proxy model to explain the

- relationship between the Apple Mobility

-~ index (driving) and COVID19 infected cases,
it belongs to Chiang Mai due to the highest
R-squared at 55.09%.

" The lowest R-squared is in
- Chonburi case at 2.81%.

. To conclude, Apple Mobility Index of
- driving is inefficient to explain the
- COVID19 infected case due to the low

. value of R-squared in every cases.
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COVID19 infected cases and Apple Mobility Index (driving)
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COVID19 and Apple Mobility Index (walking)

2.04

2.03

2.02

log(Apple Mobility Index)

2.01

1.99

198

197

1.96

1.95

1.94

COVID19 infected cases and Apple Mobility Index (walking)--
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- For the best proxy model to explain the

- relationship between the Apple Mobility
index (walking) and COVID19 infected cases,
it belongs to Chonburi due to the highest
R-squared at 82.54%.

" The lowest R-squared is in
- Phuket case at 30.13%.

In conclusion, overall cases of Apple Mobility
Index (walking) is efficient to explain the

- COVID19 infected case due to the high value
of R-squared in except Phuket.
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COVID1?2 and Sentiment Index (Based on Twitter data)
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The sentiment Indices in Bangkok and Chonburi provinces reflect the positive attitude of people to COVID19 because of the average

attitude scores are 0.124 (Bangkok) and 0.100 (Chonburi) respectively.




COVID1?2 and Sentiment Index (Based on Twitter data)
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The sentiment Indices in Phuket and Chiangmai provinces also reflect the positive attitude of people to COVID19 because of the average

attitude scores are 0.504 (Phuket) and 0.370 (Chiangmai) respectively.
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Result Discussion

- Are Nighttime Light Index and Apple Mobility Index correlated with the COVID19 cases? Can both indicators represents the

* economic impact of COVID19 ?

- For the case of the Nighttime Light Index and Mobility index on driving, these both cases cannot be mainly used as a alternative
- indicators to represents the COVID19 economic impact due to the low value of R-squared ,but in case of Mobility index on walking this -
- alternative indicator has high value of R-squared in several provinces. Hence, this alternative indicator has significant relation to -

- COVID19 which may enable us to determine the COVID19 impact on economics side as well.

* With the lessened restrictions of government’'s COVID19 containment policies, are the sentiment indices currently reflecting the

. positive attitude and recovering situation in those provinces ?

According to the sentiments indices result in selected provinces that overall attitude scores are positive , these can indicated that
people’s attitude and opinion for the COVID 19 issues are in the positive direction which can conclude that the lessened restrictions of
- the government’s COVID19 containment policies currently reflect the positive attitude and recovering situation in all selected provinces. -
- Moreover, we can also conclude that the sentiment index can be used effectively as alternative indicators to reflect people's attitude
 toward COVIDI9 situation.
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Policy recommendations

| Government should adopt the Apple mobility index on walking to be one of the tools for
i predicting or explaining COVID19 infected cases.

: Government should invest more on these overall alternative indicators to enhance their
| efficiency to make these indicators become more consistent of COVID19 infected cases.

. Government should implement aid program to stimulate SME and citizen’s purchasing power to
i spur the economic recovering in the lessened restriction period.
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