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5 Using dummy variables for multiple categories

Case 1 We can use many dummy variables in the same model
Consider a model which includes 2 dummy variablesñ female and married:
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Consider a model which includes dummy variables for each gender/marital status
combinationñ marrmale; marrfem and singfem:

log(wage) = %0 + B0marrmale+ B1marrfem+ B3singfem+ %1educ+ %2exper

+%3exper
2 + %4tenure+ %5tenure

2 + u: (8.1)
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Case 2 We can use dummy variables to represent multiple categories of a variable
Consider the relationship between law school rankings and starting salaries

log(salary) = %0 + B0top10 + B1r11_25 + B3r26_40 + B4r41_60 + %1LSAT

+%2GPA+ %3 log(libvol) + %4 log(cost) + u:

where top10; r11_25; r26_40; r41_60 would be equal to 1 when the variable rank falls
into the appropriate range.
** Rank below 60 would be the base case.
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